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330. Gómez Ravetti, M., Rosso, O.A., Berretta, R., Moscato, P.: Uncovering molecular
biomarkers that correlate cognitive decline with the changes of hippocampus’ gene ex-
pression profiles in alzheimer’s disease. PLoS ONE 5(4), e10, 153 (2010)

331. Gorges-Schleuter, M.: ASPARAGOS: An Asynchronous Parallel Genetic Optimization
Strategy. In: [794], pp. 422–427 (1989)

332. Greenberg, H.J., Hart, W.E., Lancia, G.: Opportunities for combinatorial optimization
in computational biology. INFORMS Journal on Computing 16(3), 211–231 (2004)

333. Grefenstette, J. (ed.): Second International Conference on Genetic Algorithms. Morgan
Kaufmann, San Mateo (1987)

334. Grefenstette, J.J.: Incorporating Problem Specific Knowledge into Genetic Algorithms.
In: Davis, L. (ed.) Genetic Algorithms and Simulated Annealing. Research Notes in
Artificial Intelligence, pp. 42–60. Morgan Kaufmann Publishers, San Francisco (1987)

335. Greffenstette, J.: Optimisation of control parameters for genetic algorithms. IEEE
Transactions on Systems, Man and Cybernetics 16, 122–128 (1986)

336. Grimbleby, J.B.: Hybrid genetic algorithms for analogue network synthesis. In: [111],
pp. 1781– 1787 (1999)

337. Gross, D., Harris, C.M.: Fundamentals of Queueing Theory. Wiley, NY (1985)
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538. Lü, Z., Glover, F., Hao, J.K.: A hybrid metaheuristic approach to solving the ubqp
problem. European Journal of Operational Research 207(3), 1254–1262 (2010)
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ical loads. In: Burczyński, T., Osyczka, A. (eds.) IUTAM Symposium on Evolutionary
Methods in Mechanics, Solid Mechanics and Its Applications, vol. 117, pp. 297–308.
Springer, Heidelberg (2004)

694. Osman, I., Laporte, G.: Metaheuristics: A bibliography. Annals of Operations Re-
search 65, 513–623 (1996)

695. Ozcan, E., Mohan, C.K.: Steady state memetic algorithm for partial shape matching.
In: Porto, V.W., Waagen, D. (eds.) EP 1998. LNCS, vol. 1447, pp. 527–536. Springer,
Heidelberg (1998)

696. Czyak, P., Jaszkiewicz, A.: Pareto simulated annealing - a metaheuristic technique for
multiple-objective combinatorial optimisation. Journal of Multi-Criteria Decision Anal-
ysis 7, 34–47 (1998)

697. Paenke, I., Jin, Y., Branke, J.: Balancing population- and individual-level adaptation
in changing environments. Adaptive Behavior – Animals, Animats, Software Agents,
Robots, Adaptive Systems 17(2), 153–174 (2009)

698. Palacios, P., Pelta, D., Blanco, A.: Obtaining biclusters in microarrays with population-
based heuristics. In: [779], pp. 115–126 (2006)

699. Palmers, P., McConaghy, T., Steyaert, M., Gielen, G.: Massively multi-topology sizing
of analog integrated circuits. In: Conference on Design, Automation and Test in Europe,
pp. 706–711. IEEE Press, Los Alamitos (2009)



References 347

700. Palubeckis, G.: Multistart Tabu Search Strategies for the Unconstrained Binary
Quadratic Programming Problem. Annals of Operations Research 131, 259–282 (2004)

701. Papadimitriou, C.: Computational Complexity. Addison-Wesley, Reading (1994)
702. Papadimitriou, C., Yannakakis, M.: On limited nondeterminism and the complexity of

the V-C dimension. In: Allender, J., et al. (eds.) 8th Annual Conference on Structure in
Complexity Theory, IEEE Computer Society Press, pp. 12–18. IEEE Computer Society
Press, San Diego (1993)

703. Papadimitriou, C., Yannakakis, M.: On limited nondeterminism and the complexity of
the V-C dimension. Journal of Computer and System Sciences 53(2), 161–170 (1996)

704. Papadimitriou, C.H., Steiglitz, K.: Combinatorial optimization: algorithms and com-
plexity. Prentice-Hall, Englewood Cliffs (1982)
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Garcı́a-Pelayo, R., Waelbroeck, H., Zertuche, F. (eds.) Complex Systems and Binary
Networks. Lecture Notes in Physics, vol. 461, pp. 77–163. Springer, Berlin (1995)

846. Stadler, P.F.: Landscapes and their Correlation Functions. Joural of Mathematical
Chemistry 20, 1–45 (1996)

847. Stadler, P.F., Schnabl, W.: The Landscape of the Travelling Salesman Problem. Physics
Letters A 161, 337–344 (1992)

848. Steuer, R.: Multiple Criteria Optimization - Theory, Computation and Application. Wi-
ley, Chichester (1986)

849. Stewart, G.W.: A modification of davidson’s minimization method to accept difference
approximations of derivatives. Journal of the ACM 14(1), 72–83 (1967)

850. Stone, C., Smith, J.: Strategy parameter variation in self-adaptation of mutation rates.
In: [504], pp. 586–593 (2002)

851. Stone, C.J.: Optimal global rates of convergence for nonparametric regression. Annals
of Statistics 10(4), 1040–1053 (1982)

852. Storch, T.: On the choice of the parent population size. Evolutionary Computa-
tion 16(4), 557–578 (2008)

853. Storn, R., Price, K.: Differential evolution - a simple and efficient adaptive scheme for
global optimization over continuous spaces. Tech. Rep. TR-95-012, ICSI (1995)

854. Subudhi, B., Jena, D., Gupta, M.: Memetic differential evolution trained neural net-
works for nonlinear system identification. In: IEEE Region 10 and international Confer-
ence on Industrial and Information Systems, pp. 1–6. IEEE Press, Los Alamitos (2008)

855. Sudholt, D.: Local Search in Evolutionary Algorithms: The Impact of the Local Search
Frequency. In: Asano, T. (ed.) ISAAC 2006. LNCS, vol. 4288, pp. 359–368. Springer,
Heidelberg (2006)

856. Sudholt, D.: On the analysis of the (1+1) memetic algorithm. In: [110], pp. 493–500
(2006)

857. Sudholt, D.: Memetic algorithms with variable-depth search to overcome local optima.
In: [784], pp. 787–794 (2008)

858. Sudholt, D.: The impact of parametrization in memetic evolutionary algorithms. Theo-
retical Computer Science 410(26), 2511–2528 (2009)

859. Sudholt, D.: Hybridizing evolutionary algorithms with variable-depth search to over-
come local optima. Algorithmica 59(3), 343–368 (2011)

860. Suman, B.: Study of simulated annealing based algorithms for multiobjective optimiza-
tion of a constrained problem. Computers & Chemical Engineering 28(9), 1849–1871
(2004)



References 355

861. Surry, P., Radcliffe, N.: Inoculation to initialise evolutionary search. In: Fogarty, T.C.
(ed.) AISB-WS 1996. LNCS, vol. 1143, pp. 269–285. Springer, Heidelberg (1996)

862. Swofford, D.L., Olsen, G.J., Waddell, P.J., Hillis, D.M.: Phylogeny inference. In: Hillis,
D.M., Moritz, C., Mable, B.K. (eds.) Molecular Systematics, ch. 11, pp. 407–514. Sin-
auer Associates, Inc. (1999)

863. Sylos Labini, M., Covitti, A., Delvecchio, G., Neri, F.: A quasi-genetic algorithm for
searching the dangerous areas generated by a grounding system. COMPEL: Interna-
tional Journal for Computation and Mathematics in Electrical and Electronic Engineer-
ing 23(3), 724–732 (2004)

864. Syswerda, G.: A Study of Reproduction in Generational and Steady State Genetic Al-
gorithms. In: Rawlings, G.J.E. (ed.) Foundations of Genetic Algorithms, pp. 94–101.
Morgan Kaufmann, San Mateo (1991)

865. Szeider, S.: The parameterized complexity of k-flip local search for SAT and MAX SAT.
In: Kullmann, O. (ed.) SAT 2009. LNCS, vol. 5584, pp. 276–283. Springer, Heidelberg
(2009)

866. Szeider, S.: The parameterized complexity of k-flip local search for SAT and MAX
SAT. Discrete Optimization 8(1), 139–145 (2011)

867. Szu, H., Hartley, R.: Fast simulated annealing. Physiscs Letters A 122, 157–162 (1987)
868. Tagawa, K., Matsuoka, M.: Optimum design of surface acoustic wave filters based on the

taguchi’s quality engineering with a memetic algorithm. In: [783], pp. 292–301 (2006)
869. Tagawa, K., Masuoka, M., Tsukamoto, M.: Robust optimum design of saw filters with

the taguchi method and a memetic algorithm. In: [116], pp. 2146–2153 (2005)
870. Taguchi, G.: Robust Engineering. McGraw-Hill Book Company, New York (1990)
871. Tai, K., Wang, N., Yang, Y.: Hybrid GA multiobjective optimization for the design of

compliant micro-actuators. In: IEEE International Conference on Systems, Man and
Cybernetics, pp. 559–564 (2008)

872. Talbi, E.G.: A taxonomy of hybrid metaheuristics. Journal of Heuristics 8(5), 541–564
(2002)

873. Tang, J., Lim, M.H., Ong, Y.S.: Diversity-adaptive parallel memetic algorithm for solv-
ing large scale combinatorial optimization problems. Soft Computing-A Fusion of
Foundations, Methodologies and Applications 11(9), 873–888 (2007)

874. Tang, M., Yao, X.: A memetic algorithm for VLSI floorplanning. IEEE Transactions on
Systems, Man, and Cybernetics, Part B 37(1), 62–69 (2007)

875. Tao, W.H.: Fuzzy neural network control of truck backer-upper using hybrid genetic
algorithms. In: International Conference on Information Acquisition, pp. 9–12. IEEE
Press, Los Alamitos (2004)

876. Tenne, Y.: A model-assisted memetic algorithm for expensive optimization problems.
In: Chiong, R. (ed.) Nature-Inspired Algorithms for Optimisation. Studies in Computa-
tional Intelligence, vol. 193, Springer, Heidelberg (2009)

877. Tenne, Y., Armfield, S.: A memetic algorithm assisted by an adaptive topology rbf
network and variable local models for expensive optimization problems. In: Kosinski
W (ed) Advances in Evolutionary Algorithms, IN-TECH (2008)

878. Tenne, Y., Armfield, S.W.: A memetic algorithm using a trust-region derivative-free
optimization with quadratic modelling for optimization of expensive and noisy black-
box functions. In: Yang, S., Ong, Y.S., Jin, Y. (eds.) Evolutionary Computation in Dy-
namic and Uncertain Environments. Studies in Computational Intelligence, vol. 51,
pp. 389–415. Springer, Heidelberg (2007)



356 References

879. Tenne, Y., Armfield, S.W.: A versatile surrogate-assisted memetic algorithm for opti-
mization of computationally expensive functions and its engineering applications. In:
Yang, A., Shan, Y., Thu Bui, L. (eds.) Success in Evolutionary Computation. Studies in
Computational Intelligence, vol. 92, pp. 43–72. Springer, Heidelberg (2008)

880. Tenne, Y., Armfield, S.W.: A framework for memetic optimization using variable global
and local surrogate models. Journal of Soft Computing 13(8) (2009)

881. Tenne, Y., Goh, C.K.: Computational Intelligence in Expensive Optimization Problems.
In: Evolutionary Learning and Optimization. Springer, Heidelberg (2010)

882. Thomas, R.: Sea Monster Tattoo. Polygon (1997)
883. Thomsen, R., Munkegade, N., Fogel, G.B., Krink, T., Group, E., Group, E.: A clustal

alignment improver using evolutionary algorithms. In: [113], pp. 121–126 (2002)
884. Thorup, M.: Structured programs have small tree-width and good register allocation
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